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Background Text mining of electronic health

Patient phenotyping involves extracting observable characteristics
from electronic health records (EHRs), such as biological test

records enhances patient phenotyping.

results, symptoms, Iillnesses and treatments, to enable cohort
assessment, pharmacovigilance analyses, and more.

EHRSs contain structured data (numerical values and disease codes)
and unstructured data (clinical texts). However, structured data may
be partial, particularly regarding past diagnoses and out-of-hospital
results. Natural Language Processing (NLP) is crucial for extracting

valuable information from clinical texts that Is not captured In 3437 patients With Iupus

structured data.

Methods Structured data Unstructured data Structured + unstructured data

DATASET

The dataset Includes 46 940 patients: all patients aged over 15 with 1465 Patients (42-6 %) 2430 patients (70-7 %) 2620 patients (76-2 %)
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